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1 MCTS Guide to the Literature

• http://mcts.ai/bibliography/index.html maintains a massive bibli-
ography of MCTS-related publications (360 as of July 6, 2014).

• The page https://chessprogramming.wikispaces.com/Monte-Carlo+

Tree+Search#Publications also has a large selecion.

• The list below is a selection of articles which are most relevant for this
tutorial.

2 Classics

[34, 66, 51, 48, 35, 83, 67, 7, 98, 21, 1]

3 Survey Papers

[73, 20, 33]

4 Theory

[61, 66, 116, 83, 67, 6, 7, 85, 63, 4]

5 MCTS Enhancements, Algorithms, Analysis

[69, 68, 11, 110, 23, 16, 48, 108, 97, 28, 32, 30, 93, 54, 100, 101, 29, 80, 76, 77,
102, 78, 50, 107, 106, 60, 109]

5.1 Parallel MCTS

[112, 47, 40, 114, 96, 95, 90, 52, 27, 26, 62, 31, 36, 84]
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5.2 Adaptive Simulations

[110, 39, 9, 81, 57, 86]

5.3 Machine Learning for MCTS

[53, 111, 92, 91]

6 Specific Games

6.1 Go

[21, 17, 16, 25, 113, 34, 51, 15, 48, 46, 35, 5, 55, 82, 60, 56, 59, 43, 115]

6.1.1 Specific Go Programs

[49, 70, 41, 60, 56, 12, 50]

6.2 Hex

[3, 58]

6.3 General Game-Playing (GGP)

[44, 13, 72, 45]

6.4 Puzzles, Single Player Games

[88, 89, 22, 86, 2]

6.5 Other Specific Games

[18, 69, 68, 75, 110, 87, 71, 42, 99, 109]

7 Non-Game Applications

[19, 53, 10, 74, 38, 94, 64, 65, 8, 24, 85]

8 PhD and MSc Theses

[42, 106, 100, 91, 46, 79, 56]
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[66] L. Kocsis and C. Szepesvári. Bandit based Monte-Carlo planning. In
J. Fürnkranz, T. Scheffer, and M. Spiliopoulou, editors, Machine Learn-
ing: ECML 2006, volume 4212 of Lecture Notes in Computer Science,
pages 282–293. Springer Berlin / Heidelberg, 2006.

[67] T. Lai and H. Robbins. Asymptotically efficient adaptive allocation rules.
Advances in Applied Mathematics, 6:4–22, 1985.
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